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Abstract: Many cities in the world are besieged by municipal solid waste (MSW). MSW not only
pollutes the ecological environment but can even induce a series of public safety crises. Risk response
for MSW needs novel changes. This paper innovatively adopts the ideas and methods of semantic
web ontology to build an ontology-based reasoning system for MSW risk response. Through the
integration of crisis information and case resources in the field of MSW, combined with the reasoning
ability of Semantic Web Rule Language (SWRL), a system of rule reasoning for risk transformation is
constructed. Knowledge extraction and integration of MSW risk response can effectively excavate
semantic correlation of crisis information along with key transformation points in the process of
crisis evolution through rule reasoning. The results show that rule reasoning of transformation can
effectively improve intelligent decision-making regarding MSW risk response.
Keywords: risk response; municipal solid waste; ontology; transformation; rule reasoning
1. Introduction
Rapid increase in population, urbanization, and economic development has led to significant
increase in the production of municipal solid waste (MSW) annually [1]. About 4.3 billion urban
residents will generate 1.42 kg/capita/day of MSW by 2025 [2]. In 2004, China surpassed the US as the
world largest waste generator. It was predicted that in 2030, China will likely produce twice as much
MSW as the US [3].
MSW generation has soared in recent years resulting in overloading of waste management
facilities and incapacity of waste management departments to deal with the volume of MSW generated,
especially in the developing countries [4]. The improper disposal of MSW will not only cause a series
of ecological and environmental crises that pollute the air, water and soil, but also cause public crises,
e.g., social security and public health [5]. A waste explosion in Manila in July 2000 killed more than 100
people and injured thousands [6]. A sensational “smelly” campaign broke out in Lebanon in July 2015,
and the public’s protest campaign against pollution in the waste dump finally turned into a political
event [7]. In the past, there have been dozens of mass incidents involving the MSW crisis in China.
The MSW crisis affects almost every aspect of social life [8]. In addition to exploring the issue of waste
management from the perspective of technology and environmental protection, we should also pay
attention to the public crisis caused by the MSW problem, and actively seek ways to respond to the
MSW crisis and reduce economic losses and casualties [9].
The research on the MSW crisis is mainly carried out from two aspects: MSW management
and public crisis management. MSW management mainly focuses on its technology, management
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system, collection and transportation from the perspectives of science and engineering, environmental
influence, and law. Public crisis management mainly focuses on the mechanism and causes of crisis
evolution [10]. Most perspectives use qualitative and common methods such as the three-stage
model [11], 4R model [12] and five-stage crisis management model [13] based on life cycle theory
to study the concept, characteristics, classification, causes, and countermeasures of crisis events;
and theoretical models such as probability theory [14], system dynamics and game theory [15] to
analyze their evolutionary laws [16]. Current crisis response system lacks an exploration of the public
crisis caused by MSW, as well as the specific methods and models for the optimization of a path towards
crisis transformation. The research mode comes to be narrowed, while empirical and case analysis
become less common. The exploration and discovery of the key risk points or potential opportunity
points in the crisis evolution path are insufficient [17].
Public crises caused by MSW often have inadequate auspices, with high complexity and potential
secondary hazards [18]. Such crises are severely destructive and have a wide range of impacts,
requiring the government to make critical decisions under a time limit and high uncertainty [19].
The response management for the crisis in China is at the stage of data collection and information fusion,
in which the following problems exist: (1) weak monitoring and early warning capabilities for crisis
information [20]; (2) crisis information is widely distributed in different institutions without sufficient
integration and sharing [21]; (3) crisis information has poor semantic relevance; the granularity of
relative structured knowledge is coarse and the knowledge system lacks ontological support [22];
(4) there is still a big gap in the current crisis response system for effectively expressing an extensive,
detailed, comprehensive, and deep-level knowledge correlation among diverse sources of information;
knowledge discovery, semantic reasoning, knowledge conversion and value-added approaches are
still difficult [23]; (5) the key risk points or potential opportunity points in the crisis evolution process
are not sufficiently tapped to support the government’s decision-making [24].
In recent years, as an important formal representation method, ontology has obtained extensive
attention and in-depth application in related fields such as knowledge engineering, natural language
processing, artificial intelligence, and semantic web [25]. Ontology models constructed by integrating
reusable domain knowledge can be used in intelligent decision-making for risk response [26]. Using the
Semantic Web rule language (SWRL) to expand ontology’s reasoning ability can make full use of
expert experience, cases and other unstructured texts to complete knowledge organization, intelligent
retrieval and information reasoning in risk response systems [27].
Although the ontology model has been applied in the above-mentioned fields, there are few
applications in the field of MSW crisis [28]. Since MSW processing in China is still dominated by the
government, the related industries that dispose MSW cannot rely on the market to operate, so policy
interference is more volatile. The analysis of the MSW crisis is mostly qualitative, mainly based on
logical expression and ideological discussion. The method we propose can apply ontology modeling
to condense these logical systems and ideas into knowledge rules and integrate various logical systems
and ideas through objective reasoning which is more systematic and scientific.
In order to reduce the huge negative effect of the MSW crisis on urban modernization and
eliminate the negative impact of information asymmetry and poor knowledge exchange on the risk
response system, this study innovatively uses ontology reasoning technology to construct a MSW risk
response model. Through case analysis and reasoning, this research can extract previous successful
cases and failure experiences, integrate massive data and complex information, explore key risk
transformation points, and form a decision support system. Therefore, this study might be useful for
waste management authorities to respond to MSW risks.
2. Research Framework
In the preparedness phase of risk response, due to the diversity, uncertainty, and special factors
in the dynamic evolution of the MSW crisis, it is hard to generate an effective MSW risk response
strategy plan quickly by a simple statistical model and expert evaluation method [29]. The method of
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constructing an MSW risk response model based on ontology inference technology proposed in this
paper aims to use the efficient information utilization of ontology technology to integrate case resources
and other information relating to the MSW crisis. It can provide decision makers with an exploration
of key risk transformation points when handling similar MSW crisis events and generate suggestions
about decisions to assist in risk response. This method is appropriate when the waste management
authorities need to use historical case resources to generate decisions for MSW risk response [30].
Consequently, ontology-based reasoning is employed to support MSW risk response decision-making
including ontology-based case representation, SWRL-based rule reasoning and a case study in Z city.
(1) Ontology-based case representation
An ontology-based case representation method is illustrated to represent MSW scenario features,
MSW risks, and response strategies involved in the MSW crisis case, which describes the concept
hierarchy of MSW scenario features, MSW risks and semantic relations among the elements of response
strategies [31]. This MSW scenario ontology model is the domain scenario data layer. The MSW risk
ontology model is the individual scenario data layer. The response strategy ontology model is the risk
response framework layer. Between the risk response framework layer and the domain scenario data
layer is the process of data abstraction, which in turn is the process of abstraction. The relationship
between the three ontology layers is shown in Figure 1:
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(2) SWRL-based rule reasoning
A SWRL-based rule reasoning method is proposed by r fining rules with logical connotations
from identifiable data structures in the risk response knowledge domain [32], and then matching
inference rules with exis ing ontology knowledge to explore new risk transformation points.
The first step is to extract rules from the existing risk response experience texts as the basis for
subsequent reasoning [33].
The second step is to sort out the hierarchical relationship of rules by using the logical analysis
ability of the decision tree.
Building the SWRL-based inference rules is the third step. The operation of the inference system
combines the domain ontology containing knowledge of SWRL rules and imports it into the Pellet
inference engine built into Protégé (a free, open-source ontology editor and framework for building
intelligent systems, https://protege.stanford.edu/) for inference [34]. Inside the inference engine,
the actual objects of the rule base are diverse individuals added to the ontology [35]. Finally, Protégé
will add the inferred new attributes and relationships to the original ontology to enrich the knowledge
system in the domain [36]. The framework of the reasoning system is shown in Figure 2:Int. J. Environ. Res. Public Health 2020, 17, x FOR PEER REVIEW 4 of 25 
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3. Ontology-Based Case Representation
3.1. Case Structure
The MSW risk case structure can be organized as: MS risk case = < MSW scenario feature
(M), MSW risk (R), response strategy (S) > [37]. Specifically, MSW scenario ontological features are
descriptions of fundamental features such as natural a d social ttributes of MSW. MSW risk ontology
is a description of various types of crisis events caused by MSW, including environmental events
and public crisis. Among them, the type “Not In My Back Yard” (NIMBY) event is particularly
significant [38]. Response strategy is generally in the form of tasks toward overcoming MSW risk.
The related tasks mainly refer to government actions, residents’ responses and intervention from
relevant participants.
3.2. Ontology Modeling Elements
The term “ontology” is defined as “an explicit specification of a conceptualization” [39]. In previous
studies [40–43], knowledge of case ontologies is formalized using five types of component as ontology
modeling elements: concepts, relations, functions, axioms and instances. In this section, we build MSW
risk case ontology that is denoted as MRCOntology. Functions and axioms can be regarded as the
specific relations. Therefore, MRCOntology can be expressed as:
MRCOntology = < MRCOConcepts MRCORelations MRCOInstances >
(1) Concepts: In MSW risk cases, concepts are used to describe major elements of the MSW scenario,
MSW risks and response strategies.
(2) Relations: Relations represent the semantic relationships between concepts including “isA”,
“hasStrategy”, “hasResult”, “isPartOf”, “use”, “hasAction”, “imposeOn”, “isInstanceOf”, etc.
Most of them are binary relations denoted as: MRCORelation = R (MRCOConcept, MRCOConcept’).
(3) Instances: Instances are the specific individuals in the case base.
3.3. MSW Risk Case Ontology Model
The ontology can be divided into four types [44,45]: top-level ontology, domain ontology,
task ontology and application ontology. The MSW crisis case ontology model system constructed in this
paper corresponds to four types of ontology. The top-level ontology defines all the conceptual elements
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in the system, such as actuality, abstraction, temporality, event, etc. [46]. Domain ontology outlines
MSW scenario features and MSW risks, and task ontology illuminates MSW risk response strategies.
The entire MSW case ontology system is integrated into an application ontology. Next, the detailed
process of constructing MSW scenario feature ontology, MSW risk ontology and response strategy
ontology using Protégé software will be described [47,48].
3.3.1. MSW Scenario Feature Ontology Model
As shown in Figure 4, the MSW scenario feature ontology model has four branches: (1) Natural
Features. The natural features with great impact on the MSW crisis are mainly production quantity,
composition, physical and chemical properties [49]. (2) Disposal Method. Disposal method for MSW
often has direct influence on the possible crisis events. At present, the general disposal methods of
MSW include landfill, incineration and composting [50]. (3) Environmental Features. Environmental
features indicate the adverse effects that MSW may have on the surrounding environment, such as air
pollution, water pollution, and soil pollution. (4) Social Features. The social features of the MSW crisis
scenario are mainly the population, economy, health and psychology affected by the MSW crisis [51],
which plays an essential role in MSW risk response strategy planning. It is worth mentioning that we
only give the main MSW scenario features in Figure 4.
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3.3.2. MSW Risk Ontology Model
The current typical MSW crisis ev nts are the I ents and derived vents caused by waste
incineration [52], so this section takes the scenario I BY cr is as an example to build the
MSW risk ontology model. Due to analogous co bi ti s of factors, similar cri is scenarios tend to
produce the same risk situations [53]. Therefore, historical cases of MSW risk response can provide
effective support to reduce the possibility of the occurrence of NIMBY crisis, which can be denoted as
replication principle. In this situation, the MSW risk ontology model has three branches (see Figure 5):
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(1) The adverse influence of the NIMBY crisis is generally recognized as the failure result of
the evolution of the MSW crisis, which mainly includes two aspects: utility reservation and
schedule execution. Utility reservation usually manifests as loss of function, lack of technology,
poor communication, power fluctuation or missing information. The schedule execution mainly
indicates whether the waste incineration project would ultimately be reconstructed, delayed or quit.
(2) The risk sensitivity of MSW includes the residents’ sentiment sensitivity, community sensitivity,
and social, economic and environmental sensitivity. Clarifying the sensitivity of each factor is
conducive to a positive risk response [54].
(3) An adverse manner can increase the probability of MSW crisis including diverse adverse states
such as missing standard, regime loss and inefficient function, leading to paradox along with
reputation loss caused by malicious communication.
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3.3.3. Response Strategy Ontology Model
Other than static domain knowledge, MSW risk cases also contain a lot of procedural knowledge in
the form of response strategy. The MSW risk response strategy consists of multiple response strategies,
and each response strategy corresponds to different types of crisis events. Moreover, each response
strategy consists of four elements: subject, object, resource and action. For instance, government (subject)
needs to establish (action) a negotiation channel (object) with compensation requirements (resource).
As for the evolution of the MSW crisis in China, the main participants are regional hierarchy governments
and residents [55]. Response strategy can be expressed by ontology to provide a general problem-solving
model. Figure 6 shows the conceptual model of response strategy ontology within a clockwise logical
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chain. The main composition of the strategy set can be described as follows: the subject uses resources to
take action on the object, and this action will cause the strategy set to produce results.Int. J. Environ. Res. Public Health 2020, 17, x FOR PEER REVIEW 8 of 25 
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There are many class-to-class relationships in the strategy response ontology model (as presented
in Table 1), and these relationships make risk response strategies closely linked. The result of the
response strategy is summarized as mitigation, avoidance or transfer of MSW risk [56,57].
Table 1. The relations in response strategy ontology model.
Classes Object Properties Classes





isPartOf Response strategy set
use Resource
hasAc ion Action
Object isPartOf Response strategy set
Resource isPartOf Response strategy set
Action
isPartOf Response strategy set
actionOn Object
4. SWRL Rule Base Construction
4.1. Rule Extraction
Various str tegies such as environmental asses ment, public participation, and econ mic
mpensation have been adopted to esolve conflicts in the MSW crisis, but the performances often are
n t significant [58]. Alth ugh most of China’s NIMBY c nflicts are processed hrough conventional
approa hes, some circumstanc s of innovation appear, such as prom ting l gal construction and social
cognition, that are very similar to “conflict transformation” [59]. The idea of “conflict t ansformation”
believes that the transformative power contained in the event should be valued, and conflicts should
be transformed into opportunities f r achieving better balance [60]. Govern ce of confl cts should not
o ly take “elimination of onflicts” as the ultimate target, but also promote a const uctive response to
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conflicts in the process of thereby changing relations, interests, and situations [61]. Conflict transformation
proposes novel requirements for the current risk response system of MSW.
How to capture the transformative force in time when the conflict happens, transform the
conflict into an opportunity, and provide the most accurate and effective reference for the next step of
strategy formulation, have become profound issues. The risk response for the MSW crisis based on
ontology reasoning is an exploration of conflict transformation. Integration of knowledge ontology
and SWRL reasoning ability helps provide feasible suggestions rapidly for conflict transformation in
the MSW crisis.
4.1.1. Text Interpretation
The establishment of SWRL rules is based on the interpretation of several excellent articles in the
ideological field of “conflict transformation” of MSW [62,63]. The influence of external factors such as
“knowledge” and “resources” on the overall evolution and development of the crisis is analyzed at first.
Then, we extract the inference rules that are conducive to the analysis of the conflict transformation and
complete the expansion and update of the existing MSW risk response ontology. The rule extraction
for NIMBY conflict transformation can be carried out by following three aspects: status alteration,
strategy upgrade and event conversion.
(1) Status alteration: Taking several typical NIMBY crisis events as case studies [64–66], at first
the residents are in a status of strong resistance, which may trigger a series of mass incidents.
However, with the popularization of scientific knowledge, the residents gradually realize that
confronted with severe MSW problems, blindly opposing the establishment of a waste incineration
plant is not the best choice. Here, we suppose that after residents participate in the NIMBY
conflict, they choose to learn relevant professional knowledge about MSW problems. Knowledge
here generally refers to legal knowledge, news reports, professional technology, environmental
awareness, and information identification, so that their identity will be changed from ordinary
residents to expert citizens with professional knowledge. According to the abstract syntax of
SWRL rules, if residents increase their professional knowledge, then residents are expert citizens.
Then, this rule is expressed in SWRL as follows:
Resident(?x)ˆKnowledge(?z)ˆhasIncrease(?x,?z)->ProfessionalCitizens(?x)
here ?x and ?z represent individuals. ˆ means co-occurrence relation. -> mean transformation reasoning.
(2) Strategy upgrade: The strategy upgrade focuses on the method transformation, mainly about the
shift from fierce and peripheral resistance to internal communication channels and negotiable
atmosphere [67,68]. At this stage, some domestic NIMBY events gradually reflect the upgrade of
methods and strategies. People pursue rights protection via diverse soft routes, such as hearing
reconsideration, environmental impact assessment litigation, and actively promoting negotiations.
The formation of such new strategies is inseparable from the resources such as organizational ability,
resource mobilization ability, and action ability. If residents with diverse professional knowledge
are organized with economic and material support, they have the strength to negotiate with the
government or companies. Then it can be envisaged that disordered professional residents have
been upgraded to a complete organization. This constitutes a rule at the second level. Residents
increase their organizational capacity as the body of rules, and residents upgrade to a complete
organization as the head of rules. Then, this rule is expressed in SWRL language as follows:
Resident(?x)ˆKnowledge(?z)ˆhasIncrease(?x,?z)ˆResources(?y) ˆhasAdd(?x, ?y) ->
CompleteOrganization(?x)
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(3) Event conversion: The transformation of conflict matters from unitary to pluralistic, competitive
to constructive is directly affected by the requirements of residents or organizations. Residents
have shifted from fierce struggle to milder strategies such as “invited discussions”, “asking for
hearings”, and “written proposals”, reflecting the changes in defending their own interests [69].
With the increase of relevant knowledge and the addition of resources, residents are gradually
aware of the root causes of the risk from waste incineration, so the requirements imposed on the
government are more rational and comprehensive. It can be recognized that if the residents with
enhanced knowledge have made reasonable demands to the government in the form of a unique
organization, the government would accelerate the reform of environmental protection policies
during the negotiation. This constitutes the end rule that residents are directly related to the
outside world following conflict transformation. Then, this rule is expressed in SWRL as follows:
Laws(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ
Requirement(?p) ˆ hasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) ->
hasEstablish(?q, ?a)
Above mentioned examples for each aspect of conflict transformation are just examples from
real scenes.
4.1.2. Rule Tree Construction
In the logical construction of the inference rules, a tree structure can help sort out the effects of
different triggering factors on the transformation of the NIMBY crisis at each level. Combined with the
explanation of the inference rule extraction process in previous sections, an inference rule tree based
on the risk response ontology of the MSW crisis is constructed, as shown in Figure 7.Int. J. Environ. Res. Public Health 2020, 17, x FOR PEER REVIEW 11 of 25 
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The top node of the tree is one of the participants in the NIMBY crisis, that is, the core object of
this reasoning study, i.e., residents.
Starting from the top node, the first level describes the reasoning process of the transformation
of resident status. It takes the “knowledge” as trigger conditions, considering two test conditions of
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“knowledge increase” and “knowledge shortage”, and outputs residents’ status as “professional citizens”
or “fuzzy citizens”. For example, after the residents increase their “knowledge” of environmental
protection awareness, their status will be transformed into “professional citizens”.
The second level describes the reasoning process of the strategic upgrade after the transformation
of resident status. It takes the various “resources” as trigger conditions, considering two test conditions
of “resource joint or “resource shortage”. The residents of different status are exported as “complete
organization”, “incomplete organization”, “non-specialist organization” and “weak organizations”.
For example, if the “professional citizens” increase the resources of organizational capacity, they will
be upgraded to a “complete organization”.
The third level describes the reasoning process of event conversion after the upgrade of the
strategy and tests the residents who join different organizations with the triggering conditions of
“produce requirements” and “excessive requirements”. The third level is the final level of the inference
rule tree, so the output is the system’s inference results. In order to evaluate the degree of crisis
transformation of the output results, this article uses a combination of abbreviations to mark each
output path. For example, “KI-RJ-PR” represents the path: “Knowledge Increase” –>” Resource Joint”
–>”Produce Requirements”.
4.2. SWRL Semantic Principles
The implementation of SWRL formal semantics and inference support is usually to map the
ontology language to a known logical system and display it according to ontology Wed Language (OWL)
classes, attributes, individuals, and data values [32]. Its basic form is a deduction representing premises
and conclusions. Both premises and conclusions can include single or multiple basic propositions,
and the basic propositions are logically AND [70]. The rules and specific formal expressions of SWRL
described are as follows:
Rule = B1
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Logical AND. When it represents deductive rules, it can be explained that if {Bi} are all true, then A is
also true [28].
4.3. Building SWRL-Based Inference Rules
After elaborating the method of extracting the inference rules of the MSW risk response ontology
and using the rule tree to sort out the logic construction process of the rule base, the SWRL rule base
can be constructed by combining the SWRL semantic principles. For each branch in the rule tree,
the internal nodes can be sorted into the head of the rule, and the trigger conditions can be sorted into
the body of the rule.
For example, in the first level of the rule tree, when the residents lack knowledge, their identities
will be transformed into fuzzy citizens. The residents lack of knowledge is the body of the rule,
and the fuzzy citizens are the head of the rule. The rules are described in SWRL as: Resident(?x) ˆ
Knowledge(?z) ˆ hasLackOf(?x, ?z) -> FuzzyCitizens(?x);
In the second level, when resources are added to the fuzzy citizen group, the group will be
upgraded to non-professional organization. The fuzzy citizen added resources are the body of the rule,
while the non-professional organization is the head of the rule. The rules are described in SWRL as:
FuzzyCitizens(?x) ˆ Resources(?y) ˆ hasAdd(?x, ?y) -> Non-specialistOrganization(?x).
Since the third level is the end output part of the reasoning system, it connects the results
of a variety of triggering conditions from the previous levels. According to the different types of
“knowledge” and “resources” added, a variety of different risk conversion results could be originated
from the same branch. For example, after residents have increased their knowledge of law and raised
their social status, they may urge the government to reform related policies. Similarly, after residents
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actively grasp the relevant professional knowledge about waste incineration, with the addition of
organizational capacity and resources, civil organizations may request negotiation demands to the
government, which promotes the establishment of mutual acceptable means of communication. In the
first two levels of the rule tree, the above two rules are “knowledge addition” and “resource addition”.
Due to the difference of specific trigger factors, two conflict conversion results are generated, so two
rules can be written:
Laws(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p)
ˆ hasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasEstablish(?q, ?a) and Result(?a) ˆ
Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆ hasLackOf(?x, ?y)
ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasEstablish(?q, NegotiationChannel).
Therefore, the writing of rules at the third level is different from the first and second levels. Impact
difference underlies the decision-making limitations of rule tree with only eight output points under
the third level structure, and also provides more logic output for rule base.
In summary, based on the inference rule tree, the SWRL rule base containing 22 inference rules for
MSW risk response ontology is established using the rule extraction method introduced in Section 4.1,
as shown in Table 2. The rule base ensures that each branch of the rule tree has at least one risk
transformation output, and there can be multiple output results on the branch containing more
transformation factors. The rule base established for SWRL can also be adjusted specifically to practical
applications. The rendering of the rule base in Protégé5.3 is shown in Figure 8:
Table 2. SWRL-based rule base.
Name Body
1 Resident(?x) ˆ Knowledge(?z) ˆ hasIncrease(?x, ?z) -> ProfessionalCitizens(?x)
2 Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) -> FuzzyCitizens(?x)
3 ProfessionalCitizens(?x) ˆ Resources(?y) ˆ hasAdd(?x, ?y) -> CompleteOrganization(?x)
4 ProfessionalCitizens(?x) ˆ Resources(?y) ˆ hasLackOf(?x, ?y) -> IncompleteOrganization(?x)
5 FuzzyCitizens(?x) ˆ Resources(?y) ˆ hasIncrease(?x, ?y) -> Non-specialistOrganization(?x)
6 FuzzyCitizens(?x) ˆ Resources(?y) ˆ hasLackOf(?x, ?y) -> WeakOrganization(?x)
7 Laws(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆhasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasEstablish(?q, ?a)
8 EnvironmentalDepartment(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆRequirement(?p) ˆ hasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasEstablish(?q, ?a)
9 SocialResponsibility(?a) ˆ Enterprise(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆhasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasUndertake(?q, ?a)
10 NegotiationChannel(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆhasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasEstablish(?q, ?a)
11 ENGO(?a) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆ hasIncrease(?x, ?y) ˆ hasAdd(?x,?z) ˆ hasProduce(?x, ?p) -> hasPromote(?x, ?a)
12 ConsensusRate(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆhasIncrease(?x, ?y) ˆ hasAdd(?x, ?z) ˆ hasExcessiveDemand(?x, ?p) -> hasReduce(?q, ?a)
13 FalseInformation(?a) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆ hasLackOf(?x, ?y) ˆRequirement(?p) ˆ hasProduce(?x, ?p) -> hasPost(?x, ?a)
14 GroupIncident(?a) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆ hasAdd(?x, ?y) ˆRequirement(?p) ˆ hasProduce(?x, ?p) -> hasTrigger(?x, ?a)
15 CompensationStandards(?a) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆ hasAdd(?x,?y) ˆ Requirement(?p) ˆ hasExcessiveDemand(?x, ?p) -> hasImprove(?x, ?a)
16 ConsultativeOrganization(?a) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆhasLackOf(?x, ?y) ˆ Requirement(?p) ˆ hasExcessiveDemand(?x, ?p) -> hasDetach(?x, ?a)
17 PublicOpinion(?a) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆ hasAdd(?x, ?y) ˆRequirement(?p) ˆ hasProduce(?x, ?p) -> hasTrigger(?x, ?a)
18 InformationTransparency(?a) ˆ Government(?q) ˆ Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆResources(?y) ˆ hasLackOf(?x, ?y) ˆ Requirement(?p) ˆ hasExcessiveDemand(?x, ?p) -> hasImprove(?q, ?a)
19 ConsensusRate(?a) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆ hasIncrease(?x, ?y) ˆhasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasImprove(?x, ?a)
20 ProfessionalKnowledge(?a) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆhasIncrease(?x, ?y) ˆ hasLackOf(?x, ?z) ˆ hasProduce(?x, ?p) -> hasIncrease(?x, ?a)
21 Participation(?a) ˆ Resident(?x) ˆ Knowledge(?y) ˆ Resources(?z) ˆ Requirement(?p) ˆ hasIncrease(?x, ?y) ˆhasAdd(?x, ?z) ˆ hasProduce(?x, ?p) -> hasImprove(?x, ?a)
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Table 2. SWRL-based rule base. 
Name Body 
1 Resident(?x) ^ Knowledge(?z) ^ hasIncrease(?x, ?z) -> ProfessionalCitizens(?x) 
2 Resident(?x) ^ Knowledge(?z) ^ hasLackOf(?x, ?z) -> FuzzyCitizens(?x) 
3 ProfessionalCitizens(?x) ^ Resources(?y) ^ hasAdd(?x, ?y) -> CompleteOrganization(?x) 
4 ProfessionalCitizens(?x) ^ Resources(?y) ^ hasLackOf(?x, ?y) -> IncompleteOrganization(?x) 
5 FuzzyCitizens(?x) ^ Resources(?y) ^ hasIncrease(?x, ?y) -> Non-specialistOrganization(?x) 
6 FuzzyCitizens(?x) ^ Resources(?y) ^ hasLackOf(?x, ?y) -> WeakOrganization(?x) 
7 
Laws(?a) ^ Government(?q) ^ Resident(?x) ^ Knowledge(?y) ^ Resources(?z) ^ Requirement(?p) ^ 
hasIncrease(?x, ?y) ^ hasAdd(?x, ?z) ^ hasProduce(?x, ?p) -> hasEstablish(?q, ?a) 
8 
EnvironmentalDepartment(?a) ^ Government(?q) ^ Resident(?x) ^ Knowledge(?y) ^ Resources(?z) ^ 
Requirement(?p) ^ hasIncrease(?x, ?y) ^ hasAdd(?x, ?z) ^ hasProduce(?x, ?p) -> hasEstablish(?q, ?a) 
9 
SocialResponsibility(?a) ^ Enterprise(?q) ^ Resident(?x) ^ Knowledge(?y) ^ Resources(?z) ^ 
Requirement(?p) ^ hasIncrease(?x, ?y) ^ hasAdd(?x, ?z) ^ hasProduce(?x, ?p) -> hasUndertake(?q, 
?a) 
10 
NegotiationChannel(?a) ^ Government(?q) ^ Resident(?x) ^ Knowledge(?y) ^ Resources(?z) ^ 
Requirement(?p) ^ hasIncrease(?x, ?y) ^ hasAdd(?x, ?z) ^ hasProduce(?x, ?p) -> hasEstablish(?q, ?a) 
5. Case Study: Reasoning Based on SWRL Rules
The proposed risk response ontology model based on the MSW crisis can assist in analyzing
transformative power in crisis events, and then help formulate the subsequent risk response plan.
The constructed SWRL rule base expands the reasoning ability of the ontology and provides a more
accurate reference to judge the direction of risk conversion. Therefore, this section will demonstrate
the proposed analysis method through pecific case study and clarify the specific operational process
of the risk response ontology for the MSW crisis.
5.1. Case Selection and Analysis
The selected case needs to meet the dual requirements of “grounded theory” and “multi-case
study” [71,72]. For the former condition, theoretical sampling should be used, i.e., the number of cases
can be small or even only one, but it should be a phenomenon with great research potential. In the
latter condition, it is necessary to ensure that the sample follows the “rule of replication” and either
produces the same result (item-by-item) or makes changes based on predictable causes.
In summary, the f llowi g sample selection criteria ar set [73]. First is typicality and r presentativeness.
The case realized an incredibly significant transformation of conflict. In the meanwhile, the time, location
and groups involved were different, ensuring its representativeness and coverage. Second is observability
and accessibility. The transformation process and effect can be clearly observed and the cases have
extensive public attention, especially academically. Information asymmetry and missing information
could then be avoided.
Based on extensive literature concerning typical NIMBY cases of China’s waste incineration in the
past ten years, an incident in Z city was selected as the target case [64–66]. A waste incineration facility
in Z City went through several stages: direct start-up, public protest, outbreak of conflict, cessation
of construction, rectification and upgrading, and reconstruction on original site. Finally, the project
was successfully implemented. The government’s lack of information disclosure in the early stage
of the NIMBY incident led to the accumulation of negative energy and dissatisfaction. After being
protested against by the public, the government intended to gain public understanding by issuing
announcements and holding press conferences, but ignored the real demands of the public, causing
the crisis to worsen. Facing the overwhelming reaction from the public, Z city government continued
to compromise and terminated the project construction temporarily. In the end, however, the project
team and government adhered to an open attitude, and vigorously promoted public understanding
and supervision of the operation process of the project. Eventually, these decisions and actions won
trust and support from the public, and the project was restarted and put into trial operation two years
later. Surrounding residents gained environmental improvement in their living area and full respect.
In turn, they consciously maintained the environment and public health. That is to say, the incident
achieved crisis transformation.
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The entire evolutionary development process of the NIMBY event in Z city contains many
transformative forces that affect the subsequent evolution, which is consistent with the transformational
thinking of the risk response ontology for the MSW crisis [74]. Due to the large scale and large number
of participants, the event has representativeness as required. The impact of the incident has also
attracted widespread attention in the environmental protection industry, and rich academic discussion.
In summary, the incident in Z city satisfies the selection criteria of case analysis and is suitable as the
object of the reasoning experiment for the risk response ontology MSW crisis.
5.2. Individual Extraction
The situation status data of crisis events should be imported into the rule base in the form of
ontology individuals to realize the inference expression of crisis events [75]. Therefore, after selecting
the NIMBY event in Z city as the object of case analysis, it is necessary to instantiate the scenario of
the crisis event evolution process including extracting the concept individual, adding corresponding
attributes, and establishing the connection among individual, class, and attribute [76]. In this way,
the SRWL rule base can make inferences based on various attributes of the individual, and analyze the
risk conversion direction and degree of each individual [77].
Describing a case scenario marked by time notes could help figure out the evolution process clearly
and find out similar cases for learning from experience [78]. The NIMBY event in Z city lasted for
22 months. The whole process included 17 prominent time points. Non-critical time points with weak
correlation are screened out and 10 nodes are retained to show the crisis transformation process [79].
The description of these 10 time nodes and scenarios is shown in Table A1 (Appendix A).
Take the time node on 21 June 2016 as an example to introduce the individual 1 extraction process.
In this scenario, the local residents participated in the incident through various channels without
sufficient and clear information. It can be considered that the residents in this scenario did not have
the attribute of “knowledge increase” and no identity transformation. Then, the residents participated
in discussion of the issues when they received uncertain information through the major network
platforms. In this case, the residents are split as independent individuals. Without any resources,
they have to get help from public opinion and the media. It can be considered that the residents in
this scenario did not have the attribute of “resource adding”, and no strategy upgrade has occurred.
After analyzing the various attributes of the residents, the extracted information can be compiled in
the form of ontology Wed Language (OWL) into an individual that Protégé can identify and analyze.
The individuals in the scenario are named with orders like “Resident1, Resident2, Resident3” and
the object attributes of Resident1 are: “hasLackOf” information, “hasLackOf” organization skill, and
“hasProduce” communication. Resident1’s attributes and connections are shown in Protégé as Figure 9.Int. J. Environ. Res. Public Health 2020, 17, x FOR PEER REVIEW 15 of 25 
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According to the information expressed by the scenario at each time node, the individuals and
attributes are extracted, and then compiled into a Protégé readable individual using the OWL paradigm.
By processing the selected 10 time nodes in the same way, 10 individual objects can be obtained
using SWRL rule base reasoning analysis. After the scenario processing is completed, the individual
extraction shown in Table A2 (Appendix B) will be obtained.
5.3. Individual Mapping Reasoning
The experimental process based on rule inference first establishes 10 scenario individuals drawn
from the Z city case in Protégé, and sets the corresponding Object property for each individual, and then
starts the Pellet inference engine to get the corresponding inference results. As shown in Figure 10,
the dark shaded box in the figure represents the result of reasoning.
Int. J. Environ. Res. Public Health 2020, 17, x FOR PEER REVIEW 15 of 25 
 
 
Figure 9. The ontoGraf of Resident1 in Protégé. 
According to the information expressed by the scenario at each time node, the individuals and 
attributes are extracted, and then compiled into a Protégé readable individual using the OWL 
paradigm. By processing the selected 10 time nodes in the same way, 10 individual objects can be 
obtained using SWRL rule base reasoning analysis. After the scenario processing is completed, the 
individual extraction shown in Table A2 (Appendix B) will be obtained. 
5.3. Individual Mapping Reasoning 
The experimental process based on rule inference first establishes 10 scenario individuals drawn 
from the Z city case in Protégé, and sets the corresponding Object property for each individual, and 
then starts the Pellet inference engine to get the corresponding inference results. As shown in Figure 
10, the dark shaded box in the figure represents the result of reasoning. 
 
Figure 10. The inference result of individual in Protégé. 
The figure shows the reasoning result of individual 2 extracted from the case of city Z. In this 
scenario, residents were affected by public opinion and did not obtain the necessary information to 
judge the facts of the event, so they lacked the attribute of “knowledge increase”. With the addition 
of inferior individual resources with organizational advocacy capabilities, residents began to express 
their aspirations through practical actions. In order to show the evolution of this individual, a resident 
was first extracted as an individual with “hasLackOf” information, “hasAdd” organization skill, and 
“hasProduce” action attributes. After inference, the resident changed to “Fuzzy Citizens”, “Non-
specialist Organization”, and triggered a group event. In the reasoning process of this example, three 
rules are involved in the reasoning operation: 
1. Resident(?x) ^ Knowledge(?z) ^ hasLackOf(?x, ?z) -> FuzzyCitizens(?x); 
Figure 10. The inference result of individual in Protégé.
The figure sho s the reasoning result of individual 2 extracted fro the case of city . In this
scenario, residents ere affected by public opinion and did not obtain the necessary information
to judge the facts of the event, so they lacked the attribute of “knowledge increase”. With the
addition of inferior individual resources with organizational advocacy capabilities, residents began to
express their aspirations through practical actions. In order to show the evolution of this individual,
a resident was first extracted as an individual with “hasLackOf” information, “hasAdd” organization
skill, and “hasProduce” action attributes. After inference, the resident changed to “Fuzzy Citizens”,
“Non-specialist Organization”, and triggered a group event. In the reasoning process of this example,
three rules are involved in the reasoning operation:
1. Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) -> FuzzyCitizens(?x);
2. FuzzyCitizens(?x) ˆ Resources(?y) ˆ hasAdd(?x, ?y) -> Non-specialistOrganization(?x);
3. Resident(?x) ˆ Knowledge(?z) ˆ hasLackOf(?x, ?z) ˆ Resources(?y) ˆ hasAdd(?x, ?y) ˆ Requirement(?p)
ˆ hasProduce(?x, ?p) -> hasTrigger(?x, GroupIncident);
The above reasoning results show that when residents participate in the crisis event, if there are
not enough factors to trigger the crisis transformation, such as “knowledge”, “resources”, etc., and
they still have a certain demand on the outside world, the possibility of crisis event transformation to
the positive direction is less in this scenario.
5.4. Risk Transformation Evaluation Structure
In order to clearly express the process of crisis transformation and evaluate the transformation effect,
this article conducts transformation evaluation according to the dichotomy and grading method [80–82].
Based on Figure 7, with knowledge, resources and requirements as the criteria of dichotomous evaluation,
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the crisis transformation degree of output results is divided into four evaluation levels, forming a rapid
crisis transformation evaluation structure, as shown in the Table 3.
Table 3. The rapid risk transformation evaluation system.









In the crisis transformation evaluation structure, when the evolution path of a crisis event is
forked at each node of the rule tree, it means that the direction and degree of risk transformation
have changed. The crisis event evolves in a positive direction and the path with a higher degree of
risk transformation is the optimal situation. This path has the characteristics of “KI”, “RJ” and “PR”.
On the other side, the crisis event evolves in a negative direction which means the path holds a lower
degree of risk transformation and heads to the worst situation. This path has the characteristics of
“KS”, “RS” and “ER”. Under the three-level structure of the rule tree, a total of eight decision output
paths are formed by using the dichotomy method [83]. Except for the above two optimal and worst
scenarios, the remaining six decision-making output paths will have different impact on the final crisis
transformation degree, due to the addition of different risk transformation factors in the upper two
levels, and output different levels of risk transformation results.
In order to facilitate the reader’s intuitive analysis of the risk transformation process of crisis
events and distinguish the different results of different scenario examples in the risk evolution process,
the author sets an evaluation coefficient for the difference of each decision-making output path, which is
four levels in total. A positive sign indicates the positive transformation direction and a negative sign
indicates the negative transformation direction. The number of the evaluation coefficient itself does
not have any meaning. Only when each decision output path is compared with each other does it
represent a different degree of risk transformation [84].
6. Results and Discussion
Based on the setting of the above evaluation structure, 10 scenario individuals are sequentially
established in the ontology. After starting the inference engine, 10 inference results will be obtained.
According to the transformation path that matches the inference result, the evaluation coefficient is
given, and the following results of the risk transformation reasoning of the MSW crisis event in Z city
are obtained, as shown in Table 4. For example, the inference result of individual 1 is “FuzzyCitizens”,
“IncompleteOrganization” and “hasPost FalseInformation”. According to the rule tree shown in
Figure 7, the inference result of individual 1 conforms to the transformation path of “KS-RS-PR”.
According to the evaluation system shown in Table 3, the evaluation coefficient of individual 1 is −3.
According to the risk transformation reasoning results in Table 4, the evaluation coefficients
obtained after inference analysis of 10 scenario individuals are converted into a two-dimensional graph,
which can more intuitively show the crisis transformation process and risk transformation degree
of the Z city case. As shown in Figure 11, the horizontal axis represents the individual numbers of
10 scenarios, arranged in chronological order, and the vertical axis represents the evaluation coefficient
obtained after regular reasoning.
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Table 4. The inference result of individual in the case in Z city.
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The initial objective of the study was to integrate the existing case information and expert
experience in the MSW crisis field to explore crisis transformation points and provide decision support
for future risk response systems. The result of this case study indicates that the risk response method
based on ontology reasoning proposed in this paper is effective in exploring the key risk transformation
points in the evolution of the MSW crisis, and predicts the evolution trend and situation of the MSW
crisis according to the key information points. The crisis transformation evaluation coefficient curve
shows that the overall crisis transformation of the NIMBY event in Z city shows a positive development
trend. The conclusion drawn from the curve trend in Figure 11 is consistent with the analysis results of
most experts and scholars of the Z city case, and it is also consistent with the actual evolution of the Z
city case. This shows that the ontology based on MSW crisis risk response proposed in this study is
reasonable in rule reasoning.
The evaluation curve based on the inference results explores two key risk transformation points
of individual 3 and individual 8. Individual 3 obtained the lowest risk transformation evaluation
coefficient. In the scenario of Individual 3, residents who lacked professional knowledge and were
not properly organized made excessive demands for negotiation with the government. The inference
results show that, in this situation, residents are easily separated from the current official consultative
organization. In the situation of poor risk transformation, controlling this point can restrain the
continuous deterioration of the crisis event, so it is a key point. Individual 8 is in a late stage of better
risk transformation, but compared with the neighboring individuals 7 and 9, the evaluation coefficient
is still lower. As the trough of the overall rise of the curve, individual 8 indicates that the degree of risk
transformation will still decline. Decision makers need to ensure that risk transformation is carried out
efficiently and continuously, so this is a point that needs to be improved.
At present, China is in a critical period of social transformation. Social contradictions are
deepening and diversifying, public crises are highly diffusive, and the consequences of an outbreak
are serious [85]. Crises contain risks, and they also give birth to opportunities. Identifying points
of opportunity from crisis situations and effectively transferring risks are new perspectives on crisis
management [59]. Based on the above analysis of the research results, the following suggestions can be
provided to decision makers. Firstly, the early stage of a crisis event is a critical period in completing
the risk transformation. Policy makers need to discover and control key factors in time to prevent the
event from deteriorating. Secondly, individual 3 shows that decision-makers formulating reasonable
policies are the key factors in completing the risk transformation. Finally, individual 8 stated that even
in the later stages it is necessary to be vigilant at all times and spread professional knowledge to the
public through the official platform to prevent similar crises from happening again.
7. Conclusions
This paper focused on the increasingly serious problems of the MSW crisis and explored the risk
response methods based on ontology inference technology from the perspective of crisis transformation.
Ontology and inference techniques are significant for the integration of information and the use of
knowledge. The method proposed in this paper made full use of the existing case resources and
empirical text by constructing the ontology model system and SWRL rule base to realize the mining
of key risk points during the evolution of crisis events. A NIMBY crisis case study was discussed
in order to highlight our proposed method. By doing so, we verified the reasoning results of the
inference system. The results showed that this study can effectively explore key risk transformation
points and analyze risk evolution trend and provide decision support for decision makers based on the
information obtained by reasoning, which was helpful to in completing the risk response.
At present, there are few studies on MSW crisis management using ontology technology, and
the research on crisis transformation has not formed a complete theoretical system. Although the
risk response system regarding the MSW crisis, based on ontology reasoning, successfully realized
the analysis of risk transformation and explored key factors of crisis events, there are a number of
challenges associated with information acquisition and rule writing, since the quantity of information
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in the modern era surpasses our harnessing and capture capabilities. Accordingly, future work should
involve innovative ways to support information acquisition, data mining, ontology application and
logical reasoning. Furthermore, this method will be applied to more cases, so that the reasoning effect
of the system will be improved by continuously increasing the amount of information and association
of sample cases.
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Appendix A Case Scenario Description
Table A1. Case Scenario Description in Time Node.
Date Scenario Description
21 June 2016 Some people in Z city published the news about Z city will build a waste incineration plant on localInternet forums and other platforms, which aroused public attention.
24 June 2016
Public opinion is gradually heating up, and some people have launched a boycott initiative on social
platforms. On the 25th, the incident broke out and the conflict reached a deadlock. Some people
took to the streets for violent protests, boycotted the construction of Z municipal domestic waste
incineration power station project, and the government sent out armed police.
25 June 2016
A video of police-civilian conflict was widely spread on social platforms, and the incident continues
to ferment. At seven o’clock in the evening, the city lost power. In order to alleviate the public’s
mood and answer the public’s doubts, the government of Z city held a news conference on the
municipal solid waste incineration power generation project, and important government officials
also spoke intensively on the same day to explain the necessity of the project, to show their support.
26 November 2016
After the outbreak of the incident, the government made a deep reflection and made positive
rectification. Then Z city circular economy industrial park was established. Six working groups,
including the comprehensive coordination group, the publicity and public opinion guidance group,
the process optimization group, the engineering construction group, the environmental remediation
working group, and stability maintenance group, quickly started the work.
25 December 2016
Through participating in the political and civil exchange meeting held by the government,
the representative of the citizens expressed suggestions of the municipal solid waste incineration
power generation project.
13 January 2017
Z city organized some villagers to visit and investigate the built municipal solid waste incineration
power plant in W city. The plant area is covered with green trees and lawns, which are neither
smelly nor smoky, and are praised by the villagers.
5 April 2017
Z City has carried out scientific and educational publicity activities on municipal solid waste
incineration. Government officials form working groups to popularize scientific knowledge in
neighborhood communities.
13 April 2017
A government official of Z city published an article on the social platform explaining the necessity
and safety of the waste incineration project, which was forwarded by many people and greatly
promoted the waste incineration power generation project.
3 May 2017
With the support rate of 99%, the upgraded version of the municipal solid waste incineration power
generation project in Z city was restarted at the original site. On May 25th, the training meeting for
volunteer supervisors of the waste incineration power generation project was held.
15 April 2018
The project was put into trial operation. The huge LCD screen on the entire wall of the central
control room of the trial operation of the waste incineration plant displays the entire process of
waste entering, storage, incineration, slag discharge, and various flue gas emission indicators in real
time. This truly realizes the openness and transparency of information.
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Appendix B The Individual Extraction
Table A2. The individual extraction.
Individual Number Time Situational Interpretation Object Property
1 21 June 2016
In the case of insufficient information and no
professionals or professional organizations to explain
and guide, residents have demanded the outside
world for the purpose of protecting their own






2 24 June 2016
In the case of incomplete information, residents were
guided by people with organizational skills. In order
to express their opposition to the project under
construction, they participated in discussions of





3 25 June 2016
Under the influence of incomplete information,
residents have a large resistance, and in the absence
of an organized and good social status to talk to the
government, they asked the government to give an





4 26 November 2016
Residents who lack relevant legal knowledge and
communication channels express their demands to
the government by participating in mass incidents
and require the establishment of negotiation





5 25 December 2016
Residents with knowledge of relevant laws and
environmental protection, by participating in the
government-civilian exchange meeting,





6 13 January 2017
Residents who raise awareness of environmental
protection accept the organization of relevant
government departments, and actually participate in
the science popularization activities of waste







7 5 April 2017
Residents who lack relevant professional knowledge
but are environmentally conscious will accept the
popularization of organized scientific and






8 13 April 2017
Residents with relevant professional knowledge
participate in the propaganda work of the industrial
park in an individual form to guide the sound






9 3 May 2017
After eliminating the prejudice against the waste
incineration project and improving the recognition of
the project, residents with professional knowledge
participate in the environmental impact assessment
supervision of the waste incineration project under






10 15 April 2018
After the project is completed, in accordance with the
requirements of residents with high environmental
awareness, the waste incineration plant needs to
make information public, so that residents can
monitor the operation of the waste incineration







1. Guerrero, L.A.; Maas, G.; Hogland, W. Solid waste management challenges for cities in developing countries.
Waste Manag. 2013, 33, 220–232. [CrossRef] [PubMed]
2. Mian, M.; Zeng, X.; Bin, N. Municipal solid waste management in China: A comparative analysis. J. Mater.
Cycles Waste Manag. 2017, 19, 1127–1135. [CrossRef]
3. Hoornweg, D.; Bhada-Tata, P. What a Waste: A Global Review of Solid Waste Management; Urban development
series; knowledge papers no.15; World Bank: Washington, DC, USA, 2012; pp. 4–7.
Int. J. Environ. Res. Public Health 2020, 17, 3312 20 of 23
4. Anwar, S.; Elagroudy, S.; Abdel Razik, M.; Gaber, A.; Bong, C.P.C.; Ho, W.S. Optimization of solid waste
management in rural villages of developing countries. Clean Technol. Environ. Policy 2018, 20, 489–502. [CrossRef]
5. Qing, D.; Keat, S.; Gersberg, R.M. Municipal solid waste management in China: Status, problems and
challenges. J. Environ. Manag. 2010, 91, 1623–1633.
6. Blight, G. Slope failures in municipal solid waste dumps and landfills: A review. Waste Manag. Res. 2008, 26,
448–463. [CrossRef] [PubMed]
7. Golik, A.; Gertner, Y. Litter on the israeli coastline. Mar. Environ. Res. 1992, 33, 1–15. [CrossRef]
8. Zilihona, I.J.E.; Mayaya, H.K.; Mnyone, G.; Nkonoki, J. Perceived environmental risks and challenges of
urban waste management in planned and unplanned settlements of dodoma municipality in Tanzania.
Soc. Sci. 2013, 8, 55–63.
9. Kollikkathara, N.; Feng, H.; Stern, E. A purview of waste management evolution: Special emphasis on USA.
Waste Manag. 2009, 29, 974–985. [CrossRef]
10. Chen, X.; Geng, Y.; Fujita, T. An overview of municipal solid waste management in China. Waste Manag.
2010, 30, 716–724. [CrossRef]
11. Nunamaker, J.F.; Weber, E.S.; Chen, M. Organizational Crisis Management Systems: Planning for Intelligent
Action. J. Manag. Inf. Syst. 1989, 5, 7–32. [CrossRef]
12. Heath, R. Dealing with the complete crisis—The crisis management shell structure. Saf. Sci. 1998, 30, 139–150.
[CrossRef]
13. Pearson, C.M.; Mitroff, I.I. From Crisis Prone to Crisis Prepared: A Framework for Crisis Management.
Acad. Manag. Perspect. 1993, 7, 48–59. [CrossRef]
14. Apel, H.; Thieken, A.H.; Merz, B.; Blöschl, G. A Probabilistic Modelling System for Assessing Flood Risks.
Nat. Hazards 2006, 38, 79–100. [CrossRef]
15. Bourne, L.; Walker, D.H.T. Visualizing Stakeholder Influence—Two Australian Examples. Proj. Manag. J.
2006, 37, 5–21. [CrossRef]
16. Eriksson, O.; Carlsson Reich, M.; Frostell, B.; Björklund, A.; Assefa, G.; Sundqvist, J.-O.; Granath, J.; Baky, A.;
Thyselius, L. Municipal solid waste management from a systems perspective. J. Clean. Prod. 2005, 13,
241–252. [CrossRef]
17. Sapriel, C. Effective crisis management: Tools and best practice for the new millennium. J. Commun. Manag.
2003, 7, 348–355. [CrossRef]
18. Zurbrugg, C. Urban solid waste management in low-income countries of Asia how to cope with the garbage
crisis. Presented Sci. Comm. Probl. Environ. (SCOPE) Urban Solid Waste Manag. Rev. Sess. Durb. S. Afr. 2002, 8, 1–13.
19. Economy, E. Environmental governance in China: State control to crisis management. Daedalus 2014, 143,
184–197. [CrossRef]
20. Zhong, K. Crisis management in China. China Security 2007, 3, 90–109.
21. Mol, A.P.J.; He, G.; Zhang, L. Information Disclosure in Environmental Risk Management: Developmentsin
China. J. Curr. Chin. Aff. 2011, 40, 163–192. [CrossRef]
22. Wei, J.; Zhao, D. Research on the crisis information communication model and its impact factors. Inf. Sci.
2006, 12, 4.
23. Wang, W.T.; Belardo, S. Strategic integration: A knowledge management approach to crisis management.
In Proceedings of the 38th Annual Hawaii International Conference on System Sciences, Big Island, HI, USA,
6 January 2005; p. 252a.
24. Roux-Dufort, C. Is Crisis Management (Only) a Management of Exceptions? J. Contingencies Cris. Manag.
2007, 15, 105–114. [CrossRef]
25. Zhou, L.; Zhang, C.; Karimi, I.A.; Kraft, M. An ontology framework towards decentralized information
management for eco-industrial parks. Comput. Chem. Eng. 2018, 118, 49–63. [CrossRef]
26. Safyan, M.; Qayyum, Z.U.; Sarwar, S.; García-Castro, R.; Ahmed, M. Ontology-driven semantic unified
modelling for concurrent activity recognition (OSCAR). Multimed. Tools Appl. 2019, 78, 2073–2104. [CrossRef]
27. Knublauch, H.; Fergerson, R.W.; Noy, N.F.; Musen, M.A. The Protégé OWL plugin: An open development
environment for semantic web applications. Proceeding of the Third International Semantic Web Conference,
Hiroshima, Japan, 7–11 November 2004; Springer: Berlin/Heidelberg, Germany, 2004; pp. 229–243.
28. Horrocks, I.; Patel-Schneider, P.F.; Boley, H.; Tabet, S.; Grosof, B.; Dean, M. others SWRL: A semantic web
rule language combining OWL and RuleML. W3C Memb. Submiss. 2004, 21, 1–31.
Int. J. Environ. Res. Public Health 2020, 17, 3312 21 of 23
29. Shekdar, A.V. Sustainable solid waste management: An integrated approach for Asian countries. Waste Manag.
2009, 29, 1438–1448. [CrossRef]
30. Wongthontham, P.; Abu-Salih, B. Ontology-based Approach for Semantic Data Extraction from Social Big
Data: State-of-the-art and Research Directions. arXiv 2018, arXiv:1801.01624.
31. Yu, F.; Li, X.Y.; Han, X.S. Risk response for urban water supply network using case-based reasoning during a
natural disaster. Saf. Sci. 2018, 106, 121–139. [CrossRef]
32. Lezcano, L.; Sicilia, M.-A.; Rodríguez-Solano, C. Integrating reasoning and clinical archetypes using OWL
ontologies and SWRL rules. J. Biomed. Inform. 2011, 44, 343–353. [CrossRef]
33. Beimel, D.; Peleg, M. Using OWL and SWRL to represent and reason with situation-based access control
policies. Data Knowl. Eng. 2011, 70, 596–615. [CrossRef]
34. Mei, J.; Paslaru Bontas, E. Reasoning paradigms for SWRL-enabled ontologies, Protégé With Rules Workshop.
In Proceedings of the 8th International Protégé Conference, Madrid, Spain, 18–21 July 2005.
35. Wang, X.H.; Zhang, D.Q.; Gu, T.; Pung, H.K. Ontology based context modeling and reasoning using OWL.
In Proceedings of the IEEE Annual Conference on Pervasive Computing and Communications Workshops,
Orlando, FL, USA, 14–17 March 2004; pp. 18–22.
36. Yu, B. Research on information retrieval model based on ontology. Eurasip J. Wirel. Commun. Netw. 2019,
2019, 30. [CrossRef]
37. Elsenbroich, C.; Kutz, O.; Sattler, U. A Case for Abductive Reasoning over Ontologies. In Proceedings of
the 9th OWL: Experiences and Directions (OWLED), Athens, GA, USA, 10–11 November 2006; IOS Press:
Amsterdam, The Netherlands, 2006; pp. 56–75.
38. Dear, M. Understanding and overcoming the NIMBY syndrome. J. Am. Plan. Assoc. 1992, 58, 288–300. [CrossRef]
39. Gruber, T.R. A translation approach to portable ontology specifications. Knowl. Acquis. 1993, 5, 199–221. [CrossRef]
40. Pérez, A.G.; Benjamins, V.R. Overview of knowledge sharing and reuse components: Ontologies and
problem-solving methods. In Proceedings of the IJCAI-99 workshop on Ontologies and Problem-Solving
methods (KRR5), Stockholm, Sweden, 2 August 1999; pp. 1–15.
41. Slimani, T. A study investigating typical concepts and guidelines for ontology building. arXiv 2015, arXiv:1509.05434.
42. Khan, L.; Luo, F. Ontology construction for information selection. In Proceedings of the 14th IEEE International
Conference on Tools with Artificial Intelligence, Washington, DC, USA, 4–6 November 2002; pp. 122–127.
43. Farquhar, A.; Fikes, R.; Pratt, W.; Rice, J. Collaborative Ontology Construction for Information Integration; Stanford
University Knowledge Systems Laboratory: Stanford, CA, USA, 1995.
44. Mizoguchi, R.; Tijerino, Y.; Ikeda, M. Task analysis interview based on task ontology. Expert Syst. Appl. 1995,
9, 15–25. [CrossRef]
45. Sure, Y.; Staab, S.; Studer, R. Ontology engineering methodology. In Handbook on Ontologies; Springer:
Berlin/Heidelberg, Germany, 2009; pp. 135–152.
46. Saad, S.; Salim, N.; Zainal, H.; Muda, Z. A process for building domain ontology: An experience in developing
Solat ontology. In Proceedings of the 2011 International Conference on Electrical Engineering and Informatics,
Bandung, Indonesia, 17–19 July 2011; pp. 1–5.
47. Gennari, J.H.; Musen, M.A.; Fergerson, R.W.; Grosso, W.E.; Crubézy, M.; Eriksson, H.; Noy, N.F.; Tu, S.W.
The evolution of Protégé: An environment for knowledge-based systems development. Int. J. Hum. Comput.
Stud. 2003, 58, 89–123. [CrossRef]
48. Musen, M.A. The protégé project: A look back and a look forward. AI Matters 2015, 1, 4–12. [CrossRef]
49. Rigamonti, L.; Niero, M.; Haupt, M.; Grosso, M.; Judl, J. Recycling processes and quality of secondary
materials: Food for thought for waste-management-oriented life cycle assessment studies. Waste Manag.
2018, 76, 261–265. [CrossRef]
50. Lu, Z.; Cai, M. Disposal methods on solid wastes from mines in transition from open-pit to underground
mining. Procedia Environ. Sci. 2012, 16, 715–721. [CrossRef]
51. Diamond, S. Municipal Solid Waste Disposal in Hangzhou, China. In The International Congress on Environmental
Geotechnics; Springer: Singapore, 1989; pp. 83–94.
52. Furuseth, O.J.; O’Callaghan, J. Community response to a municipal waste incinerator: NIMBY or neighbor?
Landsc. Urban Plan. 1991, 21, 163–171. [CrossRef]
53. Lu, Y.; Li, Q.; Xiao, W. Case-based reasoning for automated safety risk analysis on subway operation:
Case representation and retrieval. Saf. Sci. 2013, 57, 75–81. [CrossRef]
Int. J. Environ. Res. Public Health 2020, 17, 3312 22 of 23
54. Huysmans, M.; Madarász, T.; Dassargues, A. Risk assessment of groundwater pollution using sensitivity
analysis and a worst-case scenario analysis. Environ. Geol. 2006, 50, 180–193. [CrossRef]
55. Troschinetz, A.M.; Mihelcic, J.R. Sustainable recycling of municipal solid waste in developing countries.
Waste Manag. 2009, 29, 915–923. [CrossRef] [PubMed]
56. Denison, R.A.; Silbergeld, E.K. Risks of municipal solid waste incineration: An environmental perspective.
Risk Anal. 1988, 8, 343–355. [CrossRef]
57. Chung, C.-J.F.; Fabbri, A.G.; Jang, D.-H.; Scholten, H.J. Risk assessment using spatial prediction model
for natural disaster preparedness. In Geo-information for Disaster Management; Springer: Berlin/Heidelberg,
Germany, 2005; pp. 619–640.
58. Huang, Y.; Ning, Y.; Zhang, T.; Fei, Y. Public acceptance of waste incineration power plants in China:
Comparative case studies. Habitat Int. 2015, 47, 11–19. [CrossRef]
59. McConnell, A. Success? Failure? Something in-between? A framework for evaluating crisis management.
Policy Soc. 2011, 30, 63–76. [CrossRef]
60. Monllor, J.; Altay, N. Discovering opportunities in necessity: The inverse creative destruction effect. J. Small
Bus. Enterp. Dev. 2016, 23, 274–291. [CrossRef]
61. Constantinides, P. The failure of foresight in crisis management: A secondary analysis of the Mari disaster.
Technol. Forecast. Soc. Change 2013, 80, 1657–1673. [CrossRef]
62. Shemtov, R. Social networks and sustained activism in local NIMBY campaigns. Sociological Forum 2003, 18,
215–244. [CrossRef]
63. Steinhardt, H.C.; Wu, F. In the name of the public: Environmental protest and the changing landscape of
popular contention in China. China J. 2016, 75, 61–82. [CrossRef]
64. Sun, L.; Zhu, D.; Chan, E.H.W. Public participation impact on environment NIMBY conflict and environmental
conflict management: Comparative analysis in Shanghai and Hong Kong. Land Use Policy 2016, 58, 208–217.
[CrossRef]
65. Hui-juan, H. NIMBY syndrome and NIMBY governance: Analysis of location selection of solid waste in
Panyu. J. Guangdong Radio Telev. Univ. 2012, 2, 24.
66. Sun, Y. Facilitating generation of local knowledge using a collaborative initiator: A NIMBY case in Guangzhou,
China. Habitat Int. 2015, 46, 130–137. [CrossRef]
67. Halebsky, S. Explaining the outcomes of antisuperstore movements: A comparative analysis of six
communities. Mobilization An Int. Q. 2006, 11, 443–460. [CrossRef]
68. Kelly Garrett, R. Protest in an information society: A review of literature on social movements and new ICTs.
Inf. Commun. Soc. 2006, 9, 202–224. [CrossRef]
69. Walsh, E.; Warland, R.; Smith, D.C. Backyards, NIMBYs, and incinerator sitings: Implications for social
movement theory. Soc. Probl. 1993, 40, 25–38. [CrossRef]
70. de Farias, T.M.; Roxin, A.; Nicolle, C. SWRL rule-selection methodology for ontology interoperability.
Data Knowl. Eng. 2016, 105, 53–72. [CrossRef]
71. Geer, S.S. Getting to deep knowing: A grounded theory of learning. America: Fielding Graduate Institute 2000,
7, 5–12.
72. Doz, Y.L. The evolution of cooperation in strategic alliances: Initial conditions or learning processes?
Strateg. Manag. J. 1996, 17, 55–83. [CrossRef]
73. Thomas, G. A Typology for the Case Study in Social Science Following a Review of Definition, Discourse,
and Structure. Qual. Inq. 2011, 17, 511–521. [CrossRef]
74. Yang, Q.; He, L.; Liu, X.; Cheng, M. Bayesian-based conflict conversion path discovery for waste management
policy implementation in China. Int. J. Confl. Manag. 2018, 29, 347–375. [CrossRef]
75. Segev, A. Adaptive ontology use for crisis knowledge representation. Int. J. Inf. Syst. Cris. Response Manag.
2009, 1, 16–30. [CrossRef]
76. Liu, S.; Brewster, C.; Shaw, D. Ontologies for crisis management: A review of state of the art in ontology
design and usability. In Proceedings of the 10th International ISCRAM Conference, Baden-Baden, Germany,
12–15 May 2013; pp. 349–359.
77. Liu, C.-H.; Chang, K.-L.; Chen, J.J.-Y.; Hung, S.-C. Ontology-based context representation and reasoning
using owl and swrl. In Proceedings of the 2010 8th Annual Communication Networks and Services Research
Conference, Montreal, QC, Canada, 11–14 May 2010; pp. 215–220.
Int. J. Environ. Res. Public Health 2020, 17, 3312 23 of 23
78. Zhang, D.; Zhou, L.; Nunamaker, J.F., Jr. A Knowledge Management Framework for the Support of Decision
Making in Humanitarian Assistance/Disaster Relief. Knowl. Inf. Syst. 2002, 4, 370–385. [CrossRef]
79. Zaman, A.U.; Lehmann, S. Challenges and opportunities in transforming a city into a “zero waste city”.
Challenges 2011, 2, 73–93. [CrossRef]
80. Ni, J.R.; Liu, R.Z.; Wai, O.W.H.; Borthwick, A.G.L.; Ge, X.D. Rapid zonation of abrupt mass movement
hazard: Part I. General principles. Geomorphology 2006, 80, 214–225. [CrossRef]
81. Sun, L.; Ni, J.; Borthwick, A.G.L. Rapid assessment of sustainability in Mainland China. J. Environ. Manag.
2010, 91, 1021–1031. [CrossRef]
82. Attneave, F. A method of graded dichotomies for the scaling of judgments. Psychol. Rev. 1949, 56, 334. [CrossRef]
83. Sun, J.; Li, Z.; Ni, J. Dichotomy Method toward Interactive Testing-Based Fault Localization. In Proceedings
of the International Conference on Advanced Data Mining and Applications, Chengdu, China, 8–10 October
2008; Springer: Berlin/Heidelberg, Germany, 2008; pp. 182–193.
84. Suocheng, D.; Tong, K.W.; Yuping, W. Municipal solid waste management in China: Using commercial
management to solve a growing problem. Util. Policy 2001, 10, 7–11. [CrossRef]
85. Yang, Q.; Fu, L.; Liu, X.; Cheng, M. Evaluating the efficiency of municipal solid waste management in China.
Int. J. Environ. Res. Public Health 2018, 15, 2448. [CrossRef]
© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).
